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« ZAl 513 (Gradient Descent)
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Iteration 4

Convergence
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Adamoll Momentum
Cli4l NAGS #0|A}

Adam
/ RMSProp + Momentum
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« M eH(Overfitting)
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« Y4E(Ensemble)
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. HH%(Bagging): Bootstrap Aggregating®| 22} SEAE® (Boostrap)2 o|2%. Random Forest 5

« BA8(Boosting): §HE2 02 BHZ ACO|ESIHA GOJEA! ME0] THSt 7HF2IE 2o

« AEHY(Stacking): Weak learnergE9 ol ANE BIY L2 meta learner2 YEAIA 2|3 o242 ZHY
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