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Example: find the father of the internet

Selective Search EdgeBoxes
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 Grid Y4

Example: find the father of the internet Cheaper Alternative: grids
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x - coordinate of bbox center inside cell ([0; 1] wrt grid cell size)
y - coordinate of bbox center inside cell ([0; 1] wrt grid cell size)
w - bbox width ([0; 1] wrt image)

h - bbox height ([0; 1] wrt image)

¢ - bbox confidence ~ P(obj in bbox2)
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