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GA} | was kicking her in the car that wend to the park for tea.

MAF | was a car to her, in the car | had a car and went to the park.

NAF | got dumped by her on the way to the park for tea.

KAL | was in the car going to the park for tea and | was in her car.

SA} | got dumped by her in the car that was going to the park for a cup of tea.
AAIE TH->F 7 [AIHY At

« “21”E BT THOIE:! tea, car, kick, dumped
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T | ate my lunch. Did you have lunch?
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