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4 Corpus Viewer - Orange

Info
| Tokens: n/a
Tupes: n/a
Matching documents: 44,/44
: Matches:! n/a
Search features

@ ATU Topic

8 Title

B Abstract

B content

B ATU Numerical
@ ATU Type

Display features
@ ATU Topic
Title

B Abstract

8 content

@ ATU Numerical
@ ATU Type

Show Tokens & Tags

2 Auto send is on

2B | HuBau

Corpus Viewer

Corpus
- a X
RegExp Filter:
Id Sul =
19/0M Sultem ‘.?TU. . Tales of Magic
k of Scoundrels opie:
Ti{Packo Title: Snow White
12 Rapunzel Abstract:  The classic story of a witch queen’s
jeolousy of her beautiful step daughter
13 Rumpelstiltskin princess. Also, seven dwarfs.
Content:  There was once a poor widow who lived in

I8 Snow White

15 The Blue Light
16 The Bremen Town ...

7 The Crumbs on the ...

—

18 The Dog and the ...

9 The Elves and the ...

=

20 The Fisherman and His...
21 The Fox and the Cat

22 The Fox and the Geese
23 The Fox and the Horse
24 The Frog Prince

25 The Golden Bird

26 The Golden Goose

a lonely cottage. In front of the cottage was
a garden wherein stood two rose-trees,
one of which bore white and the other red
roses. She had two children who were like
the two rose-trees, and one was called
Snow-white, and the other Rose-red. They
were as good and happy, as busy and
cheerful as ever two children in the world
were, only Snow-white was more quiet and
gentle than Rose-red. Rose-red liked better
to run about in the meadows and fields
seeking flowers and catching butterflies;
but Snow-white sat at home with her
mother, and helped her with her
housework, or read to her when there was
nothing to do. The two children were so
fond of one another that they always held
each other by the hand when they went out
together, and when Snow-white said: ‘We
will not leave each other,’ Rose-red
answered: ‘Never so long as we live," and
their mother would add: "What one has she
must share with the other.” They often ran
about the forest alone and gathered red
berries, and no beasts did them any harm.

-

4 Corpus Viewer - Orange

Info
Tokens: nfa
Types: nfa

Matching documents: 38/44
Matches: 345

Search features
® ATU Topic
8 Title

@ ATU Type

Display features

8 ATU Topic
B8 Title

RegExp Filter: king

2 Brier Rose
3 Cat and Mouse in ...
4 Cinderella

5 Hansel and Gretel

Sl . da and Jorindel

7 Little Red Riding Hood
8 Mother Holle

9 Old Sultan

10 Pack of Scoundrels

11 Rapunzel

1 A Tale About the Boy ...

ATU
Topic:

Title:
Abstract:

Content:

Tales of Magic

Snow White

The classic stor
jeclousy of her |
princess. Also, !

There was once
a lonely cottage
a garden where
one of which bo
roses. She had
the two rose-tre
Snow-white, an
were as good a
cheerful as eve
were, only Snoy

mather and hel
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Cloud preferences
B Color words )
_ Corpus \%  Word Cloud
Words tilt: I Ellg
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Words & weights —
Weight Word vv'«nu-mm i Bk \ Corpus
g standing . b,'/” v /. - + hedgehog g
: bo, M, Ooz U o, Whois
668 said b \\\\\Q I},QU@ by e -'“'/UF'._” w0
295 came < Oo\'\f ' put %
e ¢ \ @ i e
pey— OGN o "b/f ",O -*'770,«/) RESCNES FEMGEEEREEY Word Cloud (1)
275 went By, o - ;G .} e'@ 3\1 é 6 @/’ /) . o Preprocess Text - Orange = o X
245 "t \(\e‘ o \/\/e | N1 T "dr L’Se Preprocessors 5 =]
one s e‘k ran ## Transformation
A I S”@ Ca m e \ ¥\0 aSked h £ Tokenization 0 i
199 klng > 1 /(I{""(_/ o d \ e ‘ ‘_\ % \3’3 Sia ._3 Xl g:mm:;r:::ams
e N % T Filteri rse
175 go bed a\c\ /Of@ ay O n e (j '\&% g me began‘ A8 s le:‘ar:rgvs Range [ Remove s
e N A v O 8
171 away * ney, O oy 1€ “Oop \(J;COU|dway X o pm::iragger - x
k ) : might ) Ward Punctuati
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o R = | AL
134 took -’ o \W+ s X|'9_|' = Xl’ Dl_l- 8 Stopwords English v (none) V][ .. [+]
O [ Lexicon (none) ~ [+
130 upon [o _Z] + . - Xl- Dl_l- (7] Numbers () Includes Mumbers
129 day : () Regexp R o W 0 Bl R Y i i
M I.l () Document frequency @ FRelative: 010s 0805
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B Lowercase

() Remove accents
() Parse html

[C) Remove urls

Preview
certain, father, two, sons, elder

Tokenization

() Word Punctuation
() Whitespace

() Sentence

© Regexp

() Tweet

Pattern: v+

English

() Numbers () Includes Numbers
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Bag of Words

« Bag of Words

» Bag of WordsZt FtO{ 59| &A= TS 12{SHXA| B
(frequency)0i| 2 E&ot= HAE GO|H2| =X|z}

| love this movie! It's sweet,
but with satirical humor. The
dialogue is great and the
adventure scenes are fun...
It manages to be whimsical
and romantic while laughing
at the conventions of the
fairy tale genre. | would
recommend it to just about
anyone. |'ve seen it several
times, and I'm always happy
to see it again whenever |
have a friend who hasn
seen it yet!
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seen

yet

would
whimsical
times
sweel
satirical
adventure
genre
fairy
humor
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Bag of Words

Document the cat sat in hat with

the cat sat 1 1 1 0 0 0
the cat sat in the hat 2 1 1 1 1 0
the cat with the hat 2 1 0 0 1 1

Stopword List : a, the, is, to, in, with, ...

Document cat sat hat
the cat sat 1 1 0
the cat sat in the hat 1 1 1

the cat with the hat 1 0 1
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Corpus Viewer

Cmnus

Corpus

Corpus

Preprocess Text

Bag of Words

Word Cloud (1)

[ Data Table - Orange - m] X
d::nit: siahees ATU Topic Title Abstract Content TU Numeric  ATU Type
3711 features (sparse, density 8,18 %) | bow-feature
Target with 2 values hidden Trig {uh
5 meta attributes include
Varkblae skip-normalization True
B8 Show variable labels (if present) 1 _ ATale About t.. Asimpleboy.. A certain fathe.. 326.0 Supernatural A.. able=1, accord=1, actually=1...
(] Misualize numeric values 2 [Tales of Magic | erier Rose An offended wi... Aking and qu.. 4100 Supematural o.. ale=3, alone=1, aitogether=1...
& Color by instance chsses 3 _ Cat and Mouse... A mouse lives ... A certain cath.. 150 Wild Animals absence=1, acquaintance=1, ...
o 4 _ Cinderella The familiar st.. The wife of a ri... 5104 Supernatural H.. _my_=1, afterwards=1, almos...
.SGS:?':: i 5 _ Hansel and Gr... A poor woodc... Hard by a grea... 327A Supernatural A.. able=1, across=3, add=1, afa...
Sl g B Herr Korbes A hen and a ro... Once upon a ti.. 2100 Domestic Anim... aboard=2, afterward=1, alon...
7 _ Jorinda and Jor... A witch lures y... There was onc... 405.0 Supernatural ... _jug=1, alas=2, almost=1, alo...
8 _ Little Red Ridin... A girl known f.. Once upon a ti.. 333.0 Supematural A... able=1, act=1, afraid=1, after...
9 [Tales of Magic. | Mother Holle A widow spoils.. Once upon a ti.. 480.0 Supernatural T according=1, afraid=2, ago=...
5|10 {Animal Tales' ] old sultan A farmer decid... A shepherd ha.. 101.0 Wild Animal an... accordingly=1, advice=1, afte...
il {Aimal Tales N Pack of Scoun.. A rooster and . The rooster sai. 2100 Domestic Anim.. able=2, accept=1, across=2, ...
12 [Tales of Magic | Rapunzel The classic stor... There were on.. 3100 Supernatural A afraid=1, afterwards=1, agre...
13 [TalesiofMagicll Rumpelstiltskin A miller's daug... By the side of .. 5000 Supernatural H... alas=1, alone=2, among=1, ...
14 Snow White The classic stor... There was onc... 4260 Supernatural 0. account=1, accursed=1, acqu...
18 [Talesof Magic) | The Blue Light A wounded sol.. There was onc... 5620 Supernatural H... advice=1, aha=1, allowed=1,...
16 |ARImaITaIEs N The Bremen To.. A donkey, a do.. An honest far.. 1300 Wild Animal an... abode=1, according=1, adde.. | |
17 {Animal Tales' | The Crumbs on... A man tells his.. One day the ro... 2360 Other Animals ... anything=2, beat=1, beating...
18 {Afimal Tales ) The Dog and t, A merchant ru.. A shepherd's .. 2480 Other Animals _ aim=1, aimed=1, alas=3, alig.. | |
19 The Elves and t.. A poor shoem... There was onc.. 5030 pernatural H.. always=1, amidst=1, asleep
on RN Tha Cicharman A ficharman ra Thara Wwae ann GRS N Ciinarnatiesl L | 2h-0 alae—2 alann-? alraa
<& & Bag of Words - Orange ? *
)
)
Options
Term Frequency: Count v
Document Frequency: (None) v
Regularization: (None) v
Q Hide bow attributes
Data Table Commit Autornatically

2B | N4 4u
13




153t =R

o grimm-tales-selected.tab Corpus 0|A 447l S2t&E ATU Topic 22 0|2 &5 A7l = ot
2d S35 =/ HEA Q

Corpus Viewer

A== A= =

Dala

Corpus o WordCloud %/ wWordCloud () |  DataTable . D

Data Table (1)

welacled Dala
[

Evaluation results for target (MNone, show average ove u,#
a

let! Data 7

Model AUCV CA | F1 | Precision | Recallr
kNN 0.865 0.727 0.720 0.836 0.727
‘Random Forest 0.905 0.841 0.841 0.843 0.841
Naive Bayes 0.970 0.568 0.518 0.790 0.568

Preprocess Text Bag of Words

Corpus Viewer (1)

Maive Bayes

Ty
Lo e
1)

Naive Bayes

* |:|'||O|X|O|_|' 'FIUS! (Boyesion Rule)Oﬂ 7| S S| %7:”73! == od Random Forest
. AB O Te|, YAE 22 2N BN, FH A~ S0 e

& eloH §E”c-D;EI == /|8
kNN

14



I Corpus ( o /{ o= /{ D
A 2 Word Cloud E,f/ Word Cloud (1) T 'f Data Table s ./<
3 ‘,“

2 ; Data Table (1)

Corpus -+ Dala £
g uU pus 5 Vyation Reb v x
( é J"’ /A H i
RiRpicase Tast Bag of Words :»_ ‘ 5/ Test and Score Confusion Matrix CorpusViewer (1)
,é
Random Forest
es s
- ::&.
Corpus Carpus é \ {:unwgl\l-N'Ju!n ‘
Q) ) o ]
S 2M IHA |\ 9 Preprocess Text (1) \; Boeg o WardsLl] & Predictions - Orange
- \\“" Show probabilities for (None) v
- Naive Bayes Random Forest kNN Title Content {3
== 1 Animal Tales  Animal Tales Animal Tales |iThe Little Match-... iilt was terribly cold ... iacross=2, ah=1...;
Corpus Viewer (2) Word Cloud () 2 Tales of Ma... Tales of Magic  Tales of Ma... |iThe Philosopher's... i{Far away towards t.. | abilities=1, abl... |
3 Tales of Ma... Tales of Magic = Tales of Ma... |[The Ugly Duckling iit was lovely summ... iiable=1, absurd...|
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